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Example output: performance of AWI-CM

global S DJF 0.800658287 pacoce S DJF 0.956561685 atloce SDJF 0.746122181
global SJJA 0.792248607 pacoce SJJA 0.922508359 atloce SJJA 0.750263929 from 13 CMIP5 models
global T DJF 0.809991717 pacoce T DJF 0.936220169 atloce T DJF 0.711102664
global TJJA 0.756092548 pacoce TJJA 0.839840889 atloce TJJA 0.752087116
average:global 0.789754510 average:pacoce 0.913782775 average:atloce 0.739893973 . .
southoce S DJF 0.713550925 npacoce S DIJF 1.02797759 natloce S DJF 0.633922219 StrOng warm blas N
southoce S JJA 0.642232180 npacoce S JJA 0.972718418 natloce S JJA 0.636811793
southoce T DJF 0.582666814 npacoce T DJF 1.03628802 natloce T DJF 0.729878187 1 OOO m depth
southoce T JJA 0.625893474 npacoce TJJA 0.929830909 natloce TJJA 0.813130796 : . . ]
average:southoce 0.641085863 average:npacoce 0.991703749 average:natloce 0.703435779 eSpeC|a”y N Atlantlc
indoce S DJF 0.637605846 spacoce S DJF 0.893189490 satloce S DJF 0.896557152
indoce SJJA 0.651327014 spacoce S JJA 0.878341854 satloce S JJA 0.903289855
indoce T DJF 0.717630625 spacoce T DJF 0.847220480 satloce T DJF 0.691242218
indoce TIJJA 0.591852546 spacoce T JJA 0.753928125 satloce T JJA 0.685272276
average:indoce 0.649603963 average:spacoce 0.843169987 average:satloce 0.794090390
arcoce S DJF 0.611582994

" I " S JJA 0.662069023
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